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Abstract: 1In order to solve the problem that differential local mean decomposition (DLMD) can’t adaptively deter-
mine the differential degree,a rolling bearing fault feature extraction method based on improved DLMD and Teager-Kaiser
energy operator (TKEO) demodulation is proposed. Firstly, the index of DLMD differential degree based on the sum of
midpoint local mean distance and absolute skewness is constructed,and the signal is decomposed into several product func-
tion (PF) components; Secondly,the sensitive factors are calculated,and the effective PF components were screened and re-
constructed ; Finally,the TKEO spectrum is calculated to extract the fault features of the rolling bearing. The experimental
results show that the proposed method can adaptively judge the differential degree of DLMD and effectively extract the fault

features of rolling bearing.
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